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-—- BASIC INFORMATIONS ---
userlD : 6698
assessmentltemlD : 9454
testlD : 1537

mean answer rate : 65.44%

KnowledgeTag :912
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first = np.auantilelcorrect_k['tag_level'], 0.25)
second = np.auantilelcorrect k[ 'tag_level'], 0.5)
third = np.auantilelcorrect _k['tag_level'], 0.75)

correct_k. loc[correct_k['tag_level '] > third, 'tag_level'] = 1
correct_k. loclcorrect k[ 'tag_level'] <= first, 'tag_level'] = 4

correct_k. loc[ (correct_k['tag_level'] > second) & (third >= correct_k['tag_level ']}, 'tag_level'] =2
correct_k. loc[{correct_k['tag_level']l > first) & (second >= correct_k['tag_level ']}, 'tag_level '] = 13

correct_k['tag_leval']

KnowledgeTag

23 3.0
24 2.0
25 2.0
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30 3.0
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11270 4.0
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https://www.notion.so/f3679b1233a049aa8eaf110ab05c20df
https://www.notion.so/2d0bb784a4ce4d7c8424d408655487b2
https://www.notion.so/dkt-98d8e536ff0f49a3969c34977ee9b76b
https://www.notion.so/EDA-2deb7d6995f44b3f952fee1fd4ad9a6c
https://www.notion.so/a894303fca5642b8af028223481ccbf1
https://www.notion.so/dkt-ecaf96a0c84f4add8096902bd3c8b002
https://www.notion.so/dkt-2d9b9cfbe5af43d2a1f43a0f16d95303

Type Model Public Privite Public ACC Public ACC Ensemble
ROCAUC ROCAUC
Sequence SAINT+ 0.7975 0.8484 0.7231 0.7715 X
Bert 0.8093 0.8138 0.7446 0.7392 0
LSTM 0.7823 0.7914 0.7124 0.7285 X
Boosting LGBM 0.8213 0.8515 0.7473 0.7823 0
CatBoost 0.7715 0.7433 0.7043 0.6774 X
Tabluar TabNet 0.7891 0.7997 0.7097 0.7097 X
Graph LightGCN 0.7934 0.8089 0.7043 0.7446 0
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